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Development of The Various Texture Derivation System Based on Design Concept Using GAN
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Fig.1 Overview of Various Texture Derivation System
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Table.1 Summary of the Aggregate Results of Experiment

Student (Average)
Student (SD)
Designer (Average)

Designer (SD)
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Fig.2 Experimental Texture Sample
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Table.2 Multiple regression analysis results of exp.1

#+xp < 0.001 ,*xp < 0.01 *p <0.05

Table.3 Multiple regression analysis results of exp.2

**xxp < 0.001 *+p <0.01 *p <0.05

Fig.3 Results of Generated Texture with Equation 1
and DCGAN

Fig.4 Results of Generated Texture with Equation 2
and DCGAN
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